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Abstract

Investment is financial activities that based on analysis from various information that investors received.
Presence research studies have studied the effect of social media news, especially twitter, towards volatility of
cryptocurrency market and have proven studies that shown the effect of influential twitter post towards price
volatility. However, existing research focuses primarily on NLP and sentiment analysis techniques over both
total population tweets or tweets of specific well-known investors. These analyses generally try to extract market
directionality signals from this tweet data. There is an unexplored area which does not require directionality -
the percentage of tweets from key twitter users that have co-occurrence with high price volatility. Therefore, by
utilizing retweet data to identify key tweet leaders & mapping historical market volatility to identify co-occurrence
rate. This research is purposefully conducted to identify influential tweeters towards Dogecoin which will help
investor to identify key twitter users that have co-occurrence with high price volatility to follow and serve as

guidance for their investment strategy in cryptocurrency market

Keywords: Cryptocurrency influential people; Twitter; Dogecoin; Cryptocurrency; Market volatility
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(1) Gather influential
crypto twitter users suggested
by well-known cryptocurrency

websites through twitter API

(2) Identify key opinion
leaders by using
‘Retweet network’

(4) Map key

(5) Case study of

(1) Scrape cryptocurrency

profit & loss
for hypothetical
trades based on
identified tweets
that co-occur with
high volatility

opinion leader
tweets against
market volatility
for each coin to
identify
occurrence rate

(170 influential users)

v >

(3) Calculating market
volatility using Realized

prices by mirnute from Volatility of return

Cmnbn;:mﬁ:m:gul;smg with 5 days rolling g
(period: Jan - Sep 2021) window of standard
eviation
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® https://cryptoweekly.co/100/

® https://coinmarketcap.com/alexandria/influencers-2020

https://cointelegraph.com/top-people-in-crypto-and-blockchain
https://www.entrepreneur.com/article/346140
https://modernconsensus.com/crypto-power-lists/the-modern-consensus-100-most-influential-
people-in-crypto-2021/
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TARH LTI (tweet id) Fanltouluunaanasuniaaas
v A a . ) A a o
MWNNIa (date time) M Uz LaNNIadannu
TanU (text) TaaNUNNATHITI
FOUSMILFAITDAMNTET (retweet) FYANBUEIUSMILFAITBANNTIINTaANNDY

W“’ﬁpj’l’ﬁﬁﬁ'ﬁ]"am'mmLLamq‘h (retweeted account) %a‘uadpﬂ%ﬁgnﬁﬁammmuamsﬁﬁ

IﬂﬂLﬁaﬁoﬁagamLLﬁa iagm:gnﬁ'@Lﬁummﬁmﬁﬁmu é‘hasha”ﬁ“agamaa;ﬁ“ﬁmuu@ia:ﬂmﬂuﬂ”ﬂmwﬁ 1

Diatetime Tweet Id Text
2021-10-24 11:45:34 | 1452238843229057037 | RT @ 100trillionEwr: Website hitpsy//tco/bgvShQMP4W has been updated with the latest 3 podcasts. & Watch out: “harmiul &amp: dangerous content™ @

2021-10-24 093129 | 1452206059344547842 | When #bitcoin is inall time high mode (cobor turns red), it usually stays in ATH made (red) for a couple of months hitp

ol SC KW dghiv
2021-10-23 13:33:16 | 1451904558016385033 | AT @lsurashin: On Unchained, stock-to-flaw creator @100trillionllSD discusses: “why he thinks BTC's price Poor for Dec. is $135,000 “whet.
2021-10-23 12:8003 | 1451891165259763715 | RT @jack: Hyperinflation ks going to change everything, It's happening.

2021-10-23 12:35:03 | 1451890976453765121 | RT @delbigtree: When hospitals start filling with “fully vaccinated” people the best thing to da is change the definition by mandating a th

021-10-23 19:22:17 | 14518715954553036682 | 2013 vibes@® - 200 week moving average up (black) ved cap up (grey) - in ATH mode (red: distance to all time.... hitpss//t.co/PWMTtHHDme
2021-10-23 10c16:18 | 1451854989777846273 | @laurashin Thank you Laura!

2021-10-23 09:45:27 | 1451847224732869090 | @sPCyvRIQGSx4TCE &

2021-10-22 095147 | 14514B6431801712641 | Where wil

he top be, and where the average level? hitps/f.oo/pKYgtPXACO
2021-10-22 0E:58:57 | 1451473138668261358 | @sanihamid “Likely 3-6 months of steaight ATHs in the pipefine” .. my thoughts exactly.
2021-10-21 125504 | 1451170170018353153 | RT @BasryESharp: My wife who is a doctor, has been a doctor for 30 years, kidney transplant specialist, emergency specalist, hospitalist,...

2021-10-21 10:08:48 | 1451128329176768514 | #biteoin looking strong: RSIEgtT0 and in ATH mede [red) hitps./ ooy WWIEErat

2021-07-3001:25:39  14209184TE291099650  RT @ThePlayCoin: The Public Beta of SPLAYS new game, Dwarven Sky. is lve! Try to beat rmy high score of 42500 #cryptocurrency Screatorec...
2021-07-3001:25:35 | 1420918460758504832 | RT @JoePulizzi: Congratulations to fellow @rally_ie coin holder @brianclark on the Launch of his new social token $SMOVE!

2021-07-23 16:30:00 | 1418600351204208758 | RT @jowyang: Bull or bear market, creatars are diving headfirst into erypto (social takens, NFTs, and mone) by @KevinChou httpsy//tcaymh,
2021-07-23 15:52:36  1418599940045955079 | sports &t fugt; gaming &ltEigt; culture https/t.oo/hia5sRTHR

2021-07-23 1548471 | 1418598953923745734 | RT @Cointelegraph: Mainstream crypto adoption can be reached through the crestor econamy — via artists, oreators and celebrities, argues @K
2021-07-23 15:48:34 | 1418598924206559232 | RT @vally_ic: How do crypto market fluctuations impact creators looking te get into crypto? Rally founder @KevinChou discusses in @Cointele...
2021-07-23 04:50:46 | 1418433384150233090  RT @rally_ic: M Big milestone yesterday! On July 20, 2020, we launched the very first Creator Cain, $5TANZ. Big TY to @NathanStanz for bein
2021-07-21 173457 | 1417900919845586690  #geng back on top of LCK rankings & httpss/too/Bpl2AFMvu

2021-07-20 170749 1417531705485589639  httpsy/t.ooNgfiLkNpQb #GenGWIN

20210720 14:45:40  1417495931679911944  RT @lan_Unsworth: Really good interview from @ fintechfrank with @KevinChou of @rally_io on creator coins and the “social token” model. Coul. .

2021-07-20 14:45:16 = 1417495820106316800 | Giving Cur @Rally Rewards to an Isolated Community in Peru! pe hitps//t.co/TICpG2WIcR via @YouTube
2021-07-16 22:48:49  141616T96TTE3492864  RT @fintechirank: Rally CECr explains why he wants millions of people to have their own ‘creator coins’ New episode of @TheScoopPad: Rally...

2021-07-16 20041:21 | 1416135888472522752  RT @TheScoopPod: “How do we eventually think about a world where mare and more people choose to create their online identity, reputation an..

MW 1 Aainatayan Twitter API
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AN 2 °1TaHaﬁm%’uﬁwmﬁmm:ﬁmmN”umumamm@

%aqmé’nvm: A1asuy
FyanwOiMIs (Symbol) %amamqaﬁmﬁ%ﬁa
Sufl uaz nalugluuy UTC (timestamp) fuﬁlugmmumﬂa Taganud fayafa 1 w11l
3101 (Price) swmmaaaqmﬁuﬁﬁﬁa
$1IUM 3T (Volume) FIWIUMITETY B LIAUAZTIANAINGT?

landadstoyaniudy Taysazgniafivanudyansolnioy Madwteyavasudazayansalnioydu

AININN 2

symbaol timestamp price volume_24h
DOGE 1609459800000.00 0.004665083 85196265.47
DOGE 1609459860000.00 0.004658195 85146962.89
DOGE 1609459920000.00 0.004651306 85097660.3
DOGE 1609459980000.00 0.004644418 85048357.71
DOGE 1609460040000.00 0.00463753 84999055.12
DOGE 1609460100000.00 0.004637066 84918467.92
DOGE 1609460160000.00 0.00463694 84836234.17
DOGE 1609460220000.00 0.004636814 84754000.41
DOGE 1609460280000.00 0.004636688 84671766.66
DOGE 1609460340000.00 0.004636362 84580532.9
DOGE 1609460400000.00 0.004637447 84674741.34
DOGE 1609460460000.00 0.004638386 84768762.53
DOGE 1609460520000.00 0.004639324 84862783.72
DOGE 1609460580000.00 0.004640262 84956804.91
DOGE 1609460640000.00 0.004641201 85050826.09
DOGE 1609460700000.00 0.004641459 84914446.81
DOGE 1609460760000.00 0.004641682 84765941.18
DOGE 1609460820000.00 0.004641904 84617435.55
DOGE 1609460880000.00 0.004642126 84468929.92
DOGE 1609460940000.00 0.004642349 84320424.29
DOGE 1609461000000.00 0.004641781 84069571.13
DOGE 1609461060000.00 0.004641173 83813331.26
DOGE 1609461120000.00 0.004640564 83557091.4
DOGE 1609461180000.00 0.004639955 83300851.53
DOGE 1609461240000.00 0.004639346 83044611.66
DOGE 1609461300000.00 0.004639606 82982403.11
DOGE 1609461360000.00 0.004639912 82930406.74
DOGE 1609461420000.00 0.004640218 82878410.36
DOGE 1609461480000.00 0.004640524 82826413.99
DOGE 1609461540000.00 0.00464083 82774417.61
DOGE 1609461600000.00 0.004642223 82704812.39
DOGE 1609461660000.00 0.004643674 82634280.38
DOGE 1609461720000.00 0.004645125 82563748.37
DOGE 1609461780000.00 0.004646576 82493216.36
DOGE 1609461840000.00 0.004648027 82422684.35

AN 2 @Taamaﬁagamﬂ website coinmarketcap.com
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(1) #1%ID% return by minute a3l natural log
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)

Minutely Return = In( 3)
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1ag Price 1 f95107 b LIANAINAND LAY Price 2 A831A7 B 1381 1 wifina b

(2) fAw2mh Rolling Standard Deviation 910 Minutely Return Tagld Window 71 5 5

. . . _[X(ai—a@)?
5-days Rolling Standard Deviation of Minutely Return = o1 (4)

(3) gma‘hmuﬂﬂﬁaaaﬂuaaaﬁwmummm:m:nm 5 % avhlranudosuuduanudsaun

YDIAMUHWHIBIUIZEE 5 I

5-days Rolling Standard Deviation of Minutely Return x v5x24x60 (5)
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ANN 3 Retweet network graph
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(3) ngufilaidnaganloaiunguaus 1an n3a Unconnected Network
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MNN 4 é'm:&mwaamsﬁ'umjﬂu Retweet network graph
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17199 4 NeTetnyIniameivesiianinanaitlanaisudiuon 81 auidunanluminiadayadiag

(Key influential Crypto tweeters)

ysiu Kris_HK el33th4xor JerryCuomo
sallyeaves cameron matthewroszak KMSmithDC
ethereumJoseph domschiener riabhutoria Mashinsky
juanbenet evankuo 16heila_warren VinnyLingham
Gary_Tanguay Apompliano Akon WhalePanda
AbigailJHess laurashin PerianneDC adam3us
MattKaneArtist twobitidiot Sdinwiddie_25 arrington
AlexWilsonTGB SatoshiLite alex_dreyfus bobbyclee
Sonnenshein anildelphi brendanblumer elonmusk
andrarchy cdixon ericlarch gavinandresen
borgetsebastien katie_haun giancarloMKTS gavofyork
justinsuntron paoloardoino jerallaire jbrukh
CaitlinLong_ coindesk pwuille jespow
CathieDWood CoinDesk yuzokano joeykrug
dannyryan MatiGreenspan 100trillionUSD lopp
tyler SenLummis AlboMP mikebelshe
AndreCronjeTech breitwoman BlockFiZac Gemini
BarrySilbert jack CamiRusso binance
KevinChou Cointelegraph DegenSpartan balajis
yoniassia StaniKulechov DenelleDixon DappRadar
StellarOrg

Immﬂﬁmimwﬂi:ﬁmm;‘Tﬁﬁ‘n%waﬁﬂu%é’ﬂumw%Lm:é'ﬂwm:maamsfﬁ'umjulu Retweet Network
Graph 3ztAnladn Qﬁﬁw%waﬁﬁﬂs:i’ﬁluﬁmﬁﬂﬁwmﬁdﬂ“mzﬁmn%aﬂmﬁ'u LT Elon Musk, Yat Sui, ez
Josep Lubin ajlunga Multiple Connection Network ﬁLﬂum\julﬂmﬁq@mﬁauﬂWu iasnnramuanduauid
mwufuamﬂuﬁfﬂamuﬁﬁuﬁfﬁ'ﬂLﬂuaﬂwaﬁluaqauﬁiwé’nmﬁvﬁu BTC, ETH, uazlawaasil uddinansan
Prof. Sally Eaves ‘ﬁlﬁﬂ’mNL%ﬂ”)“ﬁ’lfyﬁ’mﬁﬂﬁﬁuL‘VlﬂIuIaﬁ (Ethic Tech) %38 Juan Benet 'ﬁlLﬂuQﬁa@fq
cryptocurrency operated file storage network azwuim&maqﬂuﬁa %Iﬂuﬂﬁju Unconnected Network Lﬁaamﬂaaa
ﬁmﬁﬁﬂi:ﬁmwmmmﬁ‘@iam‘ﬁamww:maﬂ'jﬂmmuuiﬂLLa:Lfluﬁ'ﬁﬂmww:ﬂsjw

agalsfiann maniavesiidunanlunmiadoyadne 9 ereezlimansaiunlfidusyyinlunis
amuvlﬁwgwm FoiussvmsItazdanu iR uveslanao il LAzIUNIUANININIAVRIRTENTWS
ﬁg\‘mmmm&umﬂwﬁa 3.4 Lﬁam High co-occurrence with Market Volatility tweeters Iﬂﬂﬂﬁ’mﬁumuﬁlmﬂﬁ

FuI D LALNINNILATIZR Co-occurrence rate AILRAIAAINN 5
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DOGE
0.5 4 =
Em \olatility
B 25th Percentile Volatility
0.4
0.3 1
0.2
0.1 + !
| |
0.0 'l‘"l'"'l'""l'""l"'I'I""l""'l"
Feb Mar Apr May Jun Jul Aug Sep
2021

AINN 5 ANUHWHINYBI00I Return VaILaTALY T5RI19IUA 1 INTIAN — 30 NN 2021

Ham e TzEnudduauaznguiy Key influential Crypto tweeters ludnadu 34aydldinisdaanugd

a

a v a a o o 6 [l a ' vaa A Aad = IS A
?JYIﬁWEQYI']{]@’]%ﬂ‘SﬂI@]Lﬂ?]Liu‘ﬁﬁ’]%iﬂﬂ’]iﬂd“quiﬂ“ﬁﬂﬁﬂu "Lummsmmmumww:ﬂquauaﬂﬁwaﬂmmamLﬂwn

3in wlalasuniiniadaadnusiidudruiunanle WA@a4q Co-occurrence rate with Market Volatility
va a

Usznaueie oo High co-occurrence with Market Volatility tweeters ﬁ]’mmjuwuaﬂfwaﬂwﬁﬁuﬂ%ﬂiﬂ

U

s dl
LﬂaLiu‘ﬁ@\‘lLLﬁ@\‘ll%ﬂ’WWﬂ 6

Other user’s tweet co-occurrence rate against DOGE volatility

== TOP3

tyler

3LAU

lopp
LynAldenContact

AlboMP

cameron

SecYellen
NickSzabo4
fluffypony
iohk_charles
MattKaneArtist
paoloardoino
arrington
rleshner
JoelKatz
alex_dreyfus
100trillionUSD
StaniKulechov
cryptomanran
VinnyLingham
CaitlinLong_
Joshua_Frank
el33th4xor
SBF_Burner
aantonop
coinmarketcap
WilliamShatner
justinsuntron
ErikVoorhees
narendramodi
sheila_warren
Omllwntrmt3
CharlieShrem

brianbrooksocc
brian_armstrong
borgetsebastien

Remark: Elon musk is not in the list due to twitter APl limitation & account protection

vaAA

MW 6 8T8 High co-occurrence with Market Volatility tweeters mﬂﬂ@luwuaﬂﬁwaﬂnﬁ’mﬁﬂﬂaLI‘II
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u"}d‘ﬁllq/a = AR v a vdaa a o a Ada

nildvimsdngn 3 nadidnmlunsliniavesdnianinaduaiulanasudni Co-occurrence lu 3

suauwsnidudygmlunsamulazaesit lasasdeulalumsamuanudewlauazisnsluiade 3.4 wu aqul

lddmsliniaaaiaassfl Co-occurrence dia Market Volatility genwazlinanauunumssmduninala
nIANHIN 1 : Ransonanniafigaldann brainbrooksoce NauAL Co-occurrence tilududud 1 lay

FUIUMINIAFONIAANINNHWHIN WATHATIINIRY 4.9% a931

brianbrooksocc DOGE

0.5
E HITS
ﬂ MISSES
0.4 1
0.3 1
-
0.2 4
Crypto Chief In Hand
@brianbrooksocc
Acting Comptroller of the Currency at @bitcoincouncil Former Chief Legal Advisor to 0.1
the crypto gods g
Joined October 2012
155 Following 468 Followers 0.0 = r y ! - - - .
Feb  Mar Apr May Jun Jul Aug Sep
2021
0.60 A
iL h“
0.55-]“1 {Jﬁ( A Crypto Chief In Hand
i % Y pto Chief In Han
' l’f | ) ;z&l‘f “}h A ﬁ @bvianbrooksoce
w:u .!L J .‘,v %\d} |
0.50 }] | ;f Wh ) LYRY. ! Best cryptocurrency 2021:Bitcoin, Ethereum,
_wﬂ!r J Dogecoin and more
045 ¥
<
]
‘= 0.40
a
0.35 4
0.30 4
Il BUY $0.45074 05-13 02:26
0.25 Bl SELL $0.47340 05-19 02:26
. 7 tomsguide.com
B PROFIT 4.90 % Top cryptocurrency 2021 by value: Bitcoin, Ether, Dogecoin, BinanceCoin and ...
What is the top cryptocurrency by value right now? Here's our guide to Bitcoin,
11 12 13 14 15 16 27 18 19 20 21 2. Ethereum, Dogecoin, BinanceCoin and more
May
2021 9:26 AM - May 13, 2021 - drumup.io
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ﬂimﬁﬂﬂ’]ﬂ 2: W%qimq%qﬂﬂjﬂﬂquiﬁﬁ]’]ﬂ SecYellen nVanay

FIUIUNNINIAFINTAAANNHUHIN LAZHATNIINIFN 78.01% a93

Co-occurrence tuauaud 2 lag

SecYellen DOGE

Apr
2021

0.5
0.4
0.3
0.2
Secretary Janet Yellen &
@SecYellen
78th Secretary of the Treasury. Former Fed Chair. Always an economist. 0.1 1
& treasury.g ® 4 November 2020
75 Following  314.7K Followers
0.0
0.45
Il BUY $0.06167 04-09 20:45 I
0.40 4 B SELL $0.13454 04-15 20:45
’ I PROFIT 78.01 % Secretary Janet Yellen @ @SecYellen - Apr 10, 2021
3 | was honored to join my fellow Western Hemisphere Finance Ministers &
0.35 4 Central Bank Governors in a discussion at today. The
N importance of multilateral dialogue has never been greater, particularly
among this group of countries with such obvious and common interests.
0.30 A 11 64 © 39 &
@ Secretary Janet Yellen @
o 0.25 @SecYellen
2
=
L= 0.20- The tailwind from the U.S. recovery provides an
g opportunity for the region, but will not substitute for
urgent domestic efforts to cushion pandemic impacts
0.15 + pe and set the stage for stronger and sustainable growth.
3:45 AM - Apr 10, 2021 - Twitter Web Apj
0.10 A
11Retweets 1Quote Tweet 63 Likes
0.05 4 » T
07 08 09 10 11 12 13 14 15 16 17 18
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NIMANEIN 3 ﬁmsmmﬂﬂ’?@ﬁﬁjﬂﬁmﬂ NickSazbo4
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NNouAY Co-occurrence Lusuaun 3 lag

FUIUNINIAFONTAAANVHUHIN LRZNATN FINIFH 4.90% a93

NickSzabo4 DOGE
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0.4
u 03
- G
0.2
Nick Szabo {
@NickSzabo4 '\
) [ )
Blockchain, cryptocurrency, and smart contracts pioneer. (RT/Fav/Follow does not 0.1 “ 1
imply endorsement). Blog: unenumerated.blogspot.com % il ‘ |
Joined June 2014 ‘ ‘
8,112 Following  340.7K Followers 0.0 . L . ! u s - .
Feb  Mar Apr May Jun Jul Aug Sep
2021
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0.55 4 =
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0.50 1 Best cryptocurrency 2021:Bitcoin, Ethereum,
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g
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0.30 4
Hll BUY $0.45074 05-13 02:26
0.25 B SELL $0.47340 05-19 02:26
EEm PROFIT 4.90 % Top cryptocurrency 2021 by value: Bitcoin, Ether, Dogecoin, BinanceCoin and ...
Wha now? Here's our guide to Bitcoir
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